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Regarding the area-pased approach, the modelling step has been widely investigated;
Whereas: there st little- documentation’ on’ the: mapping step: Different options for cell
Size andiborder exclusion are investigated basedion a full=census dataset:

Material

The study area is
located In the Jura
mountains. The
forest is uneven-
aged, dominated
by fir, spruce and
beech.
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Methods

® Calibration of prediction models
for basal area, stem density and
dominant diameter with the area-
based method.

® Mapping with different spatial
supports (surface / shape /

_ N Left : mapping when
spacmg) disks are used for

® Aggregation into compartments computation and pixels for
storage. Right : border

with border exclusion exclusion threshold

® Validation at compartment level
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Bias (%)

Erom the plot to compartment level, prediction error decreases from 15 to 6.4% for
pasal area, 26 to) 7.7% for stem| density and 6.5 to 3.4% for dominant diameter. The
major criterion; for mapping Is to respect the calibration plot size, whereas for
aggregation the issue of compartment borders depends on the forest parameter.
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